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nnet
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nnet(formula, data, weights, size,...)
nnet(x, y, weights, size,...)

predict
nnetZz FEETILE L, HTUREHTEZIRT

predict(FE ULCETIV, T—7F, type="")
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decay:
RBEAD/NTA—H

iris.nnet <- nnet (Species

¥ weights 27

initial wvalue 85.657162
iter 10 walue 42.310822
iter 20 wvalue 36.658685
iter 30 wvalue 19.230029
iter 40 walue 18.460511
iter 50 walue 17.455241
fina alue 17.4323930
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iris.nnetp <- predict(iris.nnet,iris.testc|,-5],tvpe="class"”
table(iris.test[,5], iris.nnetp)
iris.nnetp
setosa wversicolor wvirginica
setosa 25 0 0
versicolor 0 23 2
virginica 0 0 25

\EQ

AsN

7 5 DEEDF2 D

2%l




< Dfth

cHEmit~ Y7 (5

56 E)

A4 SJ5] =

FETFT—YIZLD
class (J\w o —2)

ot 4Ty
REZR., 5

Quanti

9 —

ZILRXY NT—TD 1D

N7 N ILEFE(LVQ: Learning Vector
zation) 7L X L

> librarvyv(class)
cl <- iris.train|(,S5]
cd <- lvginit(iris.train[,1:4],cl) (3’;??—17/5”)
cdl <- lvgl(iris.train|,1:4],cl,cd)
test.re <- lvgtest(cdl, iris.test([,1:4]) s AT S —
rable(iris.test[, ], test.ra] o VQIEERDOEHZ WNBEI
caple (1xXr1s es r2) ,CEST. X e
test.re gﬁa—’}

setosa versicolor wvirginica
setosa 25 0 0
versicolor 0 23 2
virginica 0 1 24




